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Abstract

The proposition by traditional finance theory maintains that investors make rational decisions based on the single motive of
maximizing shareholders’ wealth through the relationship between risk and return. However, growing empirical evidence
indicates that psychological biases and cognitive processes influence investment decisions in ways that differ from classical
predictions. Against this background, the study examined how behavioural finance factors, particularly cognitive heuristic bias
and perceived risk—outcome distortion, influence the investment decision-making strategies of customers of selected investment
banks in Akoko South-West, Ondo State, Nigeria. A survey research design was adopted, and data were collected from a clearly
defined sample of 120 active customers of the selected investment banks. The data were analyzed using Chi-square and ordinary
least squares regression techniques. The findings revealed that cognitive heuristic bias explained approximately 29% of the
variation in customers’ investment decision quality (B = 0.54, p < 0.01), while perceived risk—outcome distortion explained
approximately 34% of the variation in investment decisions (= 0.59, p < 0.01). Contrary to the assumptions of classical finance
theory, greater reliance on heuristics and heightened sensitivity to risk had positive and statistically significant effects on the
investment decisions of the respondents. The study concluded that behavioural shortcuts may function as adaptive decision-
making mechanisms in situations where financial information is scarce and market conditions are uncertain. Practically, the
findings suggest that investment banks should incorporate investors’ behavioural tendencies into product design, customer
advisory services, risk communication, and financial education programmes. The study therefore recommends that,
behaviourally informed financial literacy policies supported by appropriate regulatory frameworks to improve investor decision-
making and welfare.
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1. Introduction

The Efficient Market Hypothesis (EMH) and Modern Port-
folio Theory (MPT) are central frameworks of modern finance
and are based on the rationale that investors are rational agents.
This rationality is hinged on the assumption that there is infor-
mation symmetry for which investors maximize returns and
minimize risk, based on their appetite to risk. Under this par-
adigm, financial asset prices reflect all information available,
and deviations from optimality are not only random, but also
short-lived, as well as, unexploitable. However, for more than
four decades of empirical research in cognitive psychology
and experimental economics, this axiom has been convinc-
ingly described inadequately [40]. In the opinion of [57], in-
vestors constantly display organized deviations from being ra-
tional by using cognitive barriers, emotional states, and some
level of social stimuli which are neither haphazard nor self-
correcting. The subject-matter of behavioural finance ema-
nated from this critique, integrating insights from psychology
and sociology to present a more realistic account of financial
decision-making. According to [24], part of the key constructs
include overconfidence, herding behaviour, anchoring, loss
aversion, framing effects, and mental accounting. These are
the major biases that shape how investors process information,
evaluate risk, and ultimately allocate resources [51]. These be-
havioural tendencies are not peripheral anomalies [55], they
have been shown to generate persistent market inefficiencies,
contribute to asset price bubbles, and undermine the financial
performance of both individual and institutional investors [23].

In the Nigerian context, the significance of behavioural fi-
nance is improved by the nation’s macroeconomic attributes
such as inflation, volatility in the exchange rate, policy sum-
mersault and uncertainty, and uneven financial development.
These attributes provide an investment environment where in-
vestment decisions are made based on incomplete information,
fear, and social caricature. Furthermore, and in the opinion of
[42], rural and semi-urban regions and communities in Nigeria
are faced with some additional challenges that limits their in-
vestment decision-making prowess. These include limited
knowledge on financial literacy, restricted access to invest-
ment decision advisory, and a cultural norm that sharpens fi-
nancial risk-taking in ways that diverge from urban investors
behaviour [1]. Investment banks in semi-urban areas in Nige-
ria occupy a strategically critical position. They serve as
agents of capital formation, provide wealth management ser-
vices, and ensures the stability through improved customer-
engagement [56]. Despite these importances, a significant gap
exists between sophisticated products these banks offer and
the psychological realities of the customers they serve. This
has not been sufficiently explored by empirical studies, espe-
cially in semi-urban areas like Akoko South-West in Ondo
State, Nigeria.

This study is based on Akoko South-West area of Ondo
State, a semi-urban community with a number of investment
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banks, providing investment services to customers with an en-
tirely different psychological understanding compared to ur-
ban centres. In this area, investment bank customers are het-
erogeneously mixed of financially educated professionals,
civil servants, small business owners, and students. This di-
versity makes the area a good space for exploring behavioural
finance factors, especially the cognitive heuristics and per-
ceived risk-outcome distortion as they influence investment
decision-making.

The following research hypotheses are examined in this
study and stated in their null forms;

1) Cognitive heuristic bias has no significant influence on
investment decision-making of selected investment bank
customers in Akoko South-West local government area
of Ondo State.

2) Perceived risk-outcome distortion has no statistically
significant influence on the investment decision-making
of selected bank customers in Akoko South-West local
government area of Ondo State.

This study is deemed significant due to its ability to con-
tribute to the existing literature on behavioural finance as well
as challenging conventional assumptions that heuristic reli-
ance produces suboptimal investment outcomes. Conse-
quently, this paper is structured into five sections. Section one
discusses the foundation for which the study was built. In sec-
tion two, a comprehensive literature review was adequately
discussed while section three looked at the methodology. In
section four, analysis and its corresponding discussion was
made while section five concludes and proffers policy recom-
mendations.

2. Literature Review

2.1. Behavioural Finance

Behavioural finance explains the relationship between psy-
chological factors, cognitive biases, and emotional influences
on individual financial decision-making, and financial market
outcomes. [5, 35] explain that behavioural finance differs
from the assumptions of the neoclassical theorists of full ra-
tionality. The authors further explain that the discipline is built
on the assumption that investors are boundedly rational and
their choices are shaped by heuristics, affective states, and so-
cial context. According to [4], cognitive biases asserts that in-
vestors overestimate their own analytical capabilities and this
could lead to overtrading and under-diversification. Cognitive
biases also corroborate herding as being the tendency for in-
vestors to follow the crowd, that is, investing in what the ma-
jority invests in, leading to price bubbles [60]. In the same vein,
anchoring is an attribute of cognitive biases [55] and it con-
siders the reliance on a single reference point in the process of
investment evaluation. [25], through the prospect theory,
added that loss aversion is another attribute to cognitive biases.
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These biases are understood to show significant impact on
portfolio composition, trading frequency, and long-term in-
vestment performance.

2.1.1. Investment Strategies in Developing
Economies

Investment strategies, in this context, explains the struc-
tured approaches in the allocation of financial resources across
the various classes of asset with the aim of generating risk-
adjusted returns [39]. In a developed economy with a well-
developed financial market, a rigorous risk-return analysis is
used as a guide for strategy formulation. However, this is not
applicable with financial markets in developing economies
like Nigeria. Developing economies with less-developed fi-
nancial markets are particularly led by trial-and-error strategic
formula. In fact, [2] added that this trial-and-error strategy is
backed up by peer influence and reactive responses to short-
term fluctuations in the market. Particularly, in the Nigerian
exchange group, there are several attributes of the market that
compounds these challenges. [12] explained that loss aversion,
with investors, leads them to exit a profitable position prema-
turely or hold on to failing investments with the hope of re-
covery. There is also the challenge of low financial literacy
and this prevents customers from evaluating risk-risk trade-
offs with accuracy. Furthermore, despite investment banks’
advisory services, there is the problem of trust, cultural skep-
ticism, and over-reliance on informal peer networks which
prevent uptake. [43] opined that studies on behavioural fi-
nance proposes that strategies which overtly integrate cogni-
tive realities of the target customer base are probable to
achieving higher rates of adoption and better outcome.

2.1.2. Investment Banks and Customer Behaviour in
Nigeria
Stanbic IBTC, FBNQuest Merchant Bank, and Chapel Hill

Denham are examples of investment banks in Nigeria, playing
significant role in promoting development in the capital mar-

ket through the mobilization and facilitation of funds, as well

as wealth management services [44, 46]. [26, 58] added that
these investment banks, according to studies, exhibit some bi-

ases which include overconfidence and herding and these af-

fect institutional decision-makers and individual investors
alike. Furthermore, in semi-urban places like Akungba-Akoko,
investment banks have their operations mediated by the activ-

ities of deposit money banks through their digital platforms,

and the customer base tends to be influenced by lower literacy
rate, and higher sensitivity to peer influence than their urban

counterparts.

2.2. Theoretical Review

2.2.1. Heuristic Theory

The study of [59] propounded the heuristics framework and
it was publicized by [53]. The theory assumes that given some
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level of uncertainty, individual investors rely on mental
shortcuts (heuristics) to make complex decisions, simple. The
applicability of heuristic theory implies reduction in cognitive
load and permits quick decision-making which could lead to
systemic errors. According to [54], with regard to investment
behaviour, there are four major heuristic types and they in-
clude anchoring, framing, availability bias, and representa-
tiveness. Heuristics are strongly linked with suboptimal out-
comes in efficient financial markets, where information are
reflected in stock prices.

The heuristic theory reveals that investors may watch out
for accessible signals, past experiences, price trends or other
simplified indicators when estimating investment risk and ex-
pected returns. [49] showed that limited investor attention en-
courages investors to process broad market and sector infor-
mation more intensively than firm-specific information,
thereby affecting asset-price dynamics. Tversky and Kahne-
man’s original theory identified three principal heuristics
which are representativeness, availability and anchoring with
insufficient adjustment. Although some applied behavioural
finance studies [13, 9] classify framing as a heuristic, however,
framing is more accurately grounded in prospect theory be-
cause it concerns how alternative presentations of economi-
cally equivalent outcomes influence risk preferences. Accord-
ingly, the heuristic variables theoretically supported by the
original framework are anchoring, availability bias and repre-
sentativeness, while framing is better explained under pro-
spect theory. Anchoring occurs when investors place exces-
sive reliance on an initial value or reference figure and make
insufficient adjustments after receiving new information. An-
choring as a behavioural variable is therefore justified because
investment valuation involves repeated numerical estimation
under uncertainty. [48] found that investors’ mutual-fund de-
cisions were significantly influenced by anchoring, while fi-
nancial knowledge did not necessarily eliminate susceptibility
to the bias.

According to [57] systematic review further identifies an-
choring, availability, representativeness, overconfidence and
the gambler’s fallacy as recurring heuristic biases in stock-
market decision-making. Their review supports the proposi-
tion that heuristic biases influence investors’ information pro-
cessing, risk assessments and investment choices across dif-
ferent financial-market settings. Availability bias arises when
investors assess the likelihood or importance of an event ac-
cording to how easily relevant examples can be recalled. In-
vestors may give excessive weight to recent market crashes,
exceptional gains, prominent corporate failures, media reports
or personal investment experiences. The significance of the
availability variable is based on its requirement for investors
to estimate uncertain future outcomes. Where easily recalled
information is treated as representative of the complete infor-
mation set, [14] stated that investors may overestimate salient
risks or returns and neglect base rates and long-term evidence.
[27] found that the availability of investment outcomes and
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financial risk affected investors’ reactions to company-spe-
cific events and analyst recommendation revisions. More re-
cent evidence also indicates that availability-based assess-
ments can predict short-term and long-term variations in ex-
pected stock returns. Heuristics are also relevant because in-
vestment strategies are not formed solely from objective mar-
ket information. [32], using responses from 1,542 potential re-
tail-banking customers, found that investment patterns dif-
fered according to investors’ savings positions, knowledge,
portfolio characteristics, attitudes towards risk and prefer-
ences for investment advice. Cognitive heuristics can there-
fore influence the assets selected, the degree of portfolio di-
versification, the timing of investment, and whether investors
adopt conservative, speculative or advice-dependent strate-
gies.

Investors may, for example, conclude that a company with
several years of strong earnings is inherently a good company
whose superior performance will continue indefinitely. Such
investors may neglect mean reversion, industry conditions,
valuation levels and the possibility that recent performance is
temporary. Representativeness provides a theoretical explana-
tion for investors’ tendency to extrapolate recent earnings or
returns too far into the future. [16] documented long-term re-
turn reversals consistent with investor overreaction, while [8]
linked representativeness and investor sentiment to overreac-
tion to accounting earnings. Anchoring, availability and rep-
resentativeness can affect security selection, expected-return
estimation, portfolio revision and the timing of investment de-
cisions. These biases may also influence market prices when
many investors respond similarly to salient information. Alt-
hough, rational arbitrageurs may attempt to correct mispricing,
behavioural-finance theory recognizes that arbitrage is costly
and risky and may not immediately eliminate price distortions
caused by psychologically influenced investors [6]. Heuristic
theory therefore provides a strong foundation for including
cognitive heuristics as an explanatory variable in the study.

2.2.2. Prospect Theory

The prospect theory as introduced by [27] provides a strong
foundation for the understanding of how investors consider
outcomes in the face of uncertainty. It is understood that the
theory emanated from the Expected Utility Theory in three
fundamental ways. First, it considers that investors analyze
their outcomes relative to a reference point such as the pur-
chase price or status quo instead of absolute wealth levels. It
looks at losses as being larger than its equivalent gains, indi-
cating that utility is steeper than loss domain, leading to loss
aversion. Lastly, it looks at investors as catalysts for over-
weighing small probabilities while undermining moderate
probabilities, a factor visible in lottery [58].

Prospect theory was developed by [27] as a descriptive al-
ternative to expected utility theory. Expected utility theory as-
sumes that individuals evaluate risky alternatives rationally
according to their effects on final wealth. The reference point
may be the purchase price of an investment, its recent market
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value, an expected rate of return, a target price or the inves-
tor’s existing financial position. Prospect theory differs from
expected utility theory through three major principles.
Whereas expected utility theory assumes that investors evalu-
ate outcomes according to their effects on total wealth, pro-
spect theory argues that investors assess gains and losses rel-
ative to a psychologically important reference point. Such a
reference point may be the original purchase price, a target
return, a previous market value or the investor’s current finan-
cial position.

The theory contains four interrelated principles which are
reference dependence, loss aversion, diminishing sensitivity
and nonlinear probability weighting. [52] explains that loss
aversion, mental accounting, anchoring, overconfidence and
herding influence investors’ risk assessments and investment
choices. Loss-averse investors may avoid potentially profita-
ble investments because of the possibility of loss, retain losing
investments in the hope of returning to the purchase price, or
sell profitable investments prematurely to secure an existing
gain. According to [3], nonlinear probability weighting may
also encourage investors to allocate funds to highly specula-
tive investments offering a small possibility of an exception-
ally large return or, conversely, to avoid suitable investments
because a small probability of loss is perceived as excessively
threatening.

Customers’ reliance on human—Artificial Intelligence (Al)
advice was stronger for relatively risky investments, while
heightened decision uncertainty increased emotional trust in
the human adviser. These findings suggest that perceived risk
affects not only whether an investor accepts a particular asset
but also the decision process and information sources used in
forming an investment strategy. Prospect theory therefore pro-
vides a strong explanation of how subjective risk evaluations
translate into investment strategies.

2.3. Empirical Review

The study of [60] examined investment decision-making
from the behavioural perspective which is not shaped by the
risk-return objective but also by cognitive barrier, emotions,
beliefs, perceived uncertainty, and social characteristics, espe-
cially from the adviser. Deposit money banks, through their
investment houses serve as advisers. The study argue that cus-
tomers’ strategy adopted for investment purposes are shown
in the relationship between their investment choices after they
had gotten advice from an Al system, human, or a combina-
tion of both. [18] in their study, included arguments on algo-
rithm aversion, describing customers’ tendency to reject or
discount recommendations from the algorithm system even
when such recommendations are considered accurate. This,
according to the authors, is partly attributed to customers’ low
tolerance for errors made by algorithms. [10] added that AI’s
recommendations are distrusted by customers, especially
when the task is perceived as subjective. Furthermore, [34, 47]
show that resistance to algorithmic advice turn out to be
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tougher in high-stakes settings such as financial investment
and medical decision-making. In a similar manner, [31] dis-
covered that experts may disregard algorithmic opinions when
Al appears to impend their decision-making powers.

In another development, [36] found that financial data-min-
ing techniques, in line with Al capabilities can deepen the un-
derstanding of customer investment behaviour and also im-
prove decision-support information. This finding was also the
bane for which [17] demonstrated that cognitive analytics and
self-organizing are effective tools for the classification of in-
vestors. [37] also added that financial decisions are influenced
by investors’ perception and not just by the objective benefits.
Also, [45] used the Technology Acceptance Model to con-
clude that investors’ behavioural intention is largely deter-
mined by perceived usefulness and perceived ease of use.

The elaboration likelihood model as propounded by [50]
provided a clear distinction between the central and peripheral
channels through which investment advice affect decisions.
Through the use of this channel, a proper examination of the
completeness, accuracy, logical coherence, and expected
quality of the proposed recommendations are taken by inves-
tors. Consequently, investors evaluate critical information in-
tentionally before choices are made. In their argument, [28]
opined that human participation could improve cognitive trust
due to investors’ perception of human judgement as being
competent, coherent, and benevolent. In a similar manner, [35]
assert that there could be some complement between human
and Al capabilities, by AI’s analytical power in combination
with human contextual interpretation, ethical judgement, and
discretion. Thus, this combination could lead to the treatment
of human-AlT advice as better dependable and investment strat-
egies may be adjusted accordingly. However, [10] argued that
human participation could reduce the way investors perceive
the quality of investment advice. It was explained that inves-
tors may consider Al as better suitable for objectivism and
data-intensive responsibilities. [26] corroborate this argument
by stating that human advice may be biased, inconsistent, and
negatively impact systematic process. Thus, human involve-
ment may compete with behavioural responses by either
strengthening trust through perceived complementarity or
weaken trust through human compromising analytical preci-
sion. [54] also found that investment strategies are not influ-
enced only by expected risk and return but by the cognitive
biases, emotions, social influence, and the manner in which
financial information is presented. Thus, it explains the ra-
tionale behind excessive trade, retaining losing investments,
market participants imitations, and the adoption of the risk-
taking strategies of others.

In their own study, [50] peripheral channel provided expla-
nations on how investors might respond to decisions that are
not directly linked to factual quality of the investment recom-
mendation. Howbeit, in the view of [33], financial decisions
generate anxiety and discomfort due to uncertain outcomes. It
found that the presence of a human adviser leads to emotional
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stability and reassurance as well as lead to reduction in psy-
chological burden with selecting risky alternative investments.
In their own study, [22] found that there is a strong connection
between human involvement and share decision accountabil-
ity. It explains that investors feel more comfortable with ad-
vice from human professionals. [31] added that emotional
trust empathy are determinants of a strong investors’ rational
decision-making. Thus, these arguments explain that investors
may adopt an investment decision because human involve-
ment provides some level of reassurance, emotional comfort,
and shared responsibility and not just because of established
superior expected returns.

Behavioural finance was examined from the investors’ bi-
ases perspective by [29], stating that its determinants include
personality, risk tolerance, experience, customer segmenta-
tion, and socioeconomic attributes. The study found that in-
vestment strategy is a product of both investors’ psychological
attributes and their present financial situations. [21] added that
individual investment decisions are affected by some behav-
ioural biases which are classified into eight. The study stated
that imitators, stereotypical investors, independent individual-
ists, risk-tolerant investors, efficient planners, confident in-
vestors, passive investors, and competent confirmers are the
classes of individual behavioural biases and that these classes
of investors do not respond uniformly to investment opportu-
nities. It can be asserted from the study that investment strat-
egy is determined by behavioural orientation instead of solely
on objective risk-return calculations.

In addition, [38] investigated the effects of investment ex-
perience, gender and educational level on overconfidence and
self-attribution bias. The authors report that the past success
or failure of an investment substantially affects future invest-
ment choices. [30] similarly reported that socioeconomic po-
sition was related to the capacity to process financial data. The
results indicate that experienced and highly educated investors
are prone to biases. Expertise can lead to overconfidence lead-
ing to risky investment decisions. [11] argued and proved that
personality affects investment decisions and performance by
associating stable personality traits with risk inclination, trad-
ing frequency, and responses to market volatility.

Furthermore, [27] found that investment behaviour is lim-
ited by financial and personal circumstances. These personal
circumstances could include the investor’s profile, account
balance, employment status, and granting permission to the fi-
nancial institution. This indicates that investment behaviour is
more determined by psychological preferences and that it
takes an investor some level of financial agility to be able to
access financial market.

The consideration of behavioural finance with respect to in-
vestment decision-making from the point of view of a devel-
oped financial market takes a different outlook when com-
pared to less developed financial markets. According to [15],
using the S&P 500 market, it was discovered that rising real
interest rates trigger loss aversion and negative sentiment.
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This was also found to influence the financial market to de-
cline while consumer confidence is elevated to fuel herding
and induced price appreciation. In his own study, [19] exam-
ined global market data and found that overconfidence, herd-
ing, and loss aversion led to huge volatility in the stock market
and contribute significantly to governance failures. However,
it was also found that board independence as an attribute
helped in mitigating bias-driven distortions in the stock mar-
ket.

In the Nigerian context, [42] looked at heuristics and pro-
spect theory and asserted that their elements have material in-
fluence on the decision-making process of investment banks
in Nigeria. Their study also found that overconfidence and
mental accounting knowledge are significant factors that con-
tribute positively to investment banks’ performance metrics.
This further implies that biases are parts of institutional as-
sessment patterns. In a similar manner, [20] found that cogni-
tive biases are persuasive among Nigerian retail investors.

Independent Variables

Cognitive Heuristic Bias

e Anchoring

e Availability bias

e Representativeness

e Overconfidence

e Reliance on shortcuts

I—

Perceived Risk-Outcome

e Tossaversion

¢ Reference dependence

s  Probability weighting

¢ Distortedrisk perception
® Sensitivity to uncertainty

They equally discovered that loss aversion and overconfi-
dence are domineering strategies employed by investment
banks. [1] opined specifically that herding behaviour is most
overriding in rural and semi-urban areas with bank customer
exhibiting pronounced herding behaviour and financial anxi-
ety.

2.4. Conceptual Framework

This study’s conceptual framework explains that the invest-
ment decision quality of investors is influenced by the combi-
nation of two factors such as cognitive heuristic bias and per-
ceived risk-outcome distortion. Cognitive heuristic bias ex-
plains investors reliance on mental shortcuts during the pro-
cess of making investment choices with uncertainty while per-
ceived risk-outcome distortion explains the tendency of inves-
tors to analyze their potential losses and gains subjectively in-
stead of objectively. In Figure 1, the conceptual framework is
provided.

Dependent Variable

Investment Decision Quality
+ Investmentchoice
Strategy adopted
Positive or negative financial
outcome

Figure 1. Conceptual Framework.

The framework explains that there is a direct relationship
between cognitive heuristic bias and the quality of investment
decision. With investors relying on anchoring, up-to-date in-
formation, past familiar experiences, and mental shortcuts, in-
vestment strategies adopted may differ from options provided
by comprehensive analysis. Also, the framework explains that
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there is a direct relationship between perceived risk-outcome
distortion and investment decision quality. This framework is
built on the Heuristic and Prospect theories.

2.5. Gaps in the Literature

This study is motivated by four major gaps, regardless of
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the expanding body of literature. First, most studies on behav-
ioural finance focus on the urban regions in Nigeria, this study
deviates by examining a semi-urban area like Akungba-
Akoko which is clouded by heterogeneous education and di-
vergent financial literacy knowledge. Second, although au-
thors have linked behavioural biases to investment decisions
but its translation into materialistic investment strategy adop-
tion and outcomes have not gained significant important, es-
pecially within the institutional context. Third, many re-
searches rely mostly on self-reported survey data, methodo-
logically. However, this study differs by triangulating perfor-
mance objectives indicators through heuristic intensity and
risk-outcome distortion. Thus, heuristic and perceive risk-out-
come distortions are operationalized within the periscope of a
semi-urban area in Ondo state. Lastly, this study provides ev-
idence that could guide investment banks in Nigeria that ac-
count for customers’ psychological tendencies, perceptions or
risk, and information-processing are limited.

3. Research Methods and Process

3.1. Research Design and Population

This paper employed a cross-sectional survey research de-
sign which is considered most appropriate for the generating
quantitative data on behavioural construct and its relationship
with investment outcomes, particularly, as it influences cus-
tomers of investment banks in the selected study are at a single
point in time. The study’s population entails all customers of
investment banks operating within Akoko South-West Local
Government Area of Ondo State, specifically, those who have
had stock market transactions within 2020 and 2025, signify-
ing the temporal scope. The eligibility criteria were that re-
spondents must possess relevant investment experience and
were able to provide informed responses to the items in the
questionnaire. Thus, to quality for participation, respondents
were required to be active investment customers of the se-
lected investment banks and must have undertaken, at least,
one stock market transaction between the sample period, that
is, 2020 and 2025.

3.2. Sample and Sampling Procedure

In this research, purposive sampling technique is employed
in order to ensure that selected respondents have direct invest-
ment experience with the selected investment banks. The se-
lection technique is believed to be appropriate because the re-
quired information is mainly from customers who have had
previous investment decisions from the stock market rather
than the entirety of the bank customers. This is believed to
improve the validity of responses. Therefore, a total of 120
respondents were adequately achieved and this constitute 100%
return rate based on proper monitoring and consistent feed-
back mechanism.
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Selection process was done according to stages. At the ini-
tial stage, the researchers identified investment banks from the
list of deposit money banks in Nigeria. Secondly, active cus-
tomers of the bank who have completed investment transac-
tions during the study period were approached. At the third
stage, the eligibility criteria were used to screen each prospec-
tive respondents, and only customers who were confirmed to
have had at least, one stock market transaction between 2020
and 2025 were included.

3.3. Instrument of Measurement

The data for this study were collected through a well-struc-
ture, self-administered questionnaire which was divided into
three major sections. Particularly, the questionnaire was a fall-
out of items adaptation from the study of [42]. Section one
deals with the socio-demographic attributes of the respondents
such as gender, age, educational qualification, marital status,
occupation, investment experience, and types of investment
products. These questions provided information that could be
interpreted to explain investors’ behavioural patterns. The sec-
ond section considered constructs of behavioural finance
which has been operationalized using five-point Likert-scale,
and particularly, capturing heuristic bias such as reliance on
anchoring, availability bias, representativeness, and herding.
It also considered the perceived risk-outcome distortions. The
study, in order to maintain theoretical consistency, did not
treat framing as a separate heuristic construct because it is bet-
ter explained under the prospect theory. However, reference
dependence, loss aversion, nonlinear probability weighting,
and subjective risk sensitivity were items derived to explain
perceived risk-outcome distortion. In the third section, an as-
sessment of the investment decision quality of the selected re-
spondents was considered. Items in each section were com-
puted together into a continuous data and categorized into
poor or benefiting financial decision outcome. The validity of
the instrument was ensured through a review by specialists in
the field of finance, psychology, and research methodology
while their inputs were factored into the instrument. However,
in order to validate the stated hypotheses, the continuous data
were employed and linear regression technique was consid-
ered as the most appropriate statistical tool. This is because
each section had more than one item that was computed into a
continuous data.

3.4. Pilot Testing

The research instrument, before it was used as the major
method for the collection of data, underwent some pilot testing
involving the selection of 22 investment bank customers
within the campus of Adekunle Ajasin University Akungba-
Akoko. The rationale for this is that the customers have a
likely similar demographic and investment attributes like
those of the targeted respondents. However, in the final anal-
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ysis, these piloted data were excluded so as to avoid duplica-
tion and contamination of the major sample collected. The aim
of the pilot test was to assess the clarity of the research instru-
ment and its ability to comprehensively measure the variable
constructs. The researchers used the feedback from the pilot
testing to simplify technical expressions, discover and ex-
punge ambiguity, and improve the instrument’s logical se-
quence. The study found Cronbach alpha value of 0.72 from
the preliminary internal consistency assessment. Thus, items
in the instrument were reviewed, reworded, or expunged be-
fore the administration of the questionnaire.

Table 1. Reliability Test Result for Pilot Testing.

Instrument Cronbach Alpha Value
heuristic 0.80
Prospect 0.50
Investment decision 0.84

Source: Researchers’ Computation, 2026.

Table 2. Reliability Test Result for the Main Study.

Instrument Cronbach Alpha Value
Cognitive heuristic bias 0.79
Perceived risk-outcome distortion 0.63
Investment decision quality 0.82

Source: Researchers’ Computation, 2026.

In the bid to validate the research instrument employed for
the main test, that is, the 120 respondents, the adapted 8 items
were used to measure cognitive heuristic bias and they pro-
duced a Cronbach Alpha value of 0.79. Part of the statement
item include;

1) My past history influences my present investment deci-

sions extra efforts.

2) Thinking hard and for a long time about something gives

me little satisfaction.

3) I sell my investment (stock) only if it reaches a certain

price.

Perceived risk-outcome distortion, as adapted, used 3 state-
ment items and its reliability result produced a Cronbach Al-
pha value of 0.63. Its statement items were;

1) I intend to sell my investments immediately it goes back

to the acquisition price.

2) Assume I bought a movie ticket for 3%¥2,000. When get-

ting to the theatre, I realized I have lost the ticket. I will
definitely buy another since I have extra money to do
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that.
3) I prefer to hold on to a profitable investment due to the
fear of not participating in the future gain of the stock.
The quality of investment decision, as adapted, includes 5
statement items with a reliability value of 0.82. As part of its
statement items are;
1) My investment reports better results than expected.
2) My investment in stocks has demonstrated increased
cash flow growth in past 5 years.
3) My investment in stocks has a lower risk compared to
the market in general.

3.5. Method of Data Collection

Researchers obtained approval from the management of the
investment banks before questionnaires were administered to
qualified respondents. However, before the administration,
potential identified respondents were approached and their ap-
proval, sought. The researchers, by themselves, screened the
identified respondents and confirmed that they were active
stock market customers of the selected banks and between the
selected period. Although participation was voluntary, re-
searchers, where needed, put respondents through on aspects
of the instrument. It was unequivocally explained that the data
collected were solely for the purpose of the research and ano-
nymity was declared as no personal detail such as name, ac-
count numbers, or other personal financial information were
requested. Completed questionnaire were collected immedi-
ately and each was checked that they were adequately com-
pleted before the respondent left. Thus, a total of 120 copies
of the questionnaire were administered, completed, and re-
trieved from the respondent and that formed the basis for the
100% retrieval score.

3.6. Validity of the Research Instrument

This research employs statement items as adapted from the
study of [42]. In order to validate the statement items as re-
ported, a pilot study was conducted as reported in Table 1.
However, [42] study had a descriptive reporting of the items
but were not validated. Consequently, due to the result of the
reliability test from the pilot study, the statement items were
validated. Unlike the usage of the statement items in the study
of [42] which was purely descriptive, this study went further
to validate the statement items by conducting reliability test
for each category.

3.7. Method of Data Analysis

The data obtained from respondent in this study were ana-
lyzed using three analytical procedures of descriptive, chi-
square, and ordinary least square technique. These techniques
employed Analysis of Variance (ANOVA) F-test as a valida-
tion tool and estimate of the magnitude of each construct’s im-
pact on the investment decision-making of customers of the
selected investment banks in Nigeria.
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4. Data Analysis and Discussion

4.1. Respondents’ Socio-Demographic
Characteristics

The attributes of the respondents with regard to their socio-demog-
raphy is discussed first before econometric analyses are considered.
Table 3 provides a summary of the socio-demographic attribute of
the 120 respondents. It explains that there are more male respondents
(57.5%) than their female counterpart. The Table also shows that

most respondents are between the 26 to 40-year bracket (85.0%) and
this implies that the investment bank customers are predominantly in
the working-class population. The predominance of first-de-
gree/HND holders (67.5%) indicates that the average customer base
is expose to engage with the bank’s investment products, however,
might have limited exposure to financial planning and portfolio man-
agement. The almost equal split between single and married respond-
ents, 52.5% and 47.5% respectively is noteworthy. Grable (2000)
opined that marital status is linked with risk tolerance and liquidity
preferences in behavioural finance.

Table 3. Socio-Demographic Profile of Respondents (N = 120).

Variable Category

Gender Male
Female
Age 20-25 years
26-30 years
31-40 years
41-50 years
Above 50 years
Education Primary School
O'Level / WAEC
ND/NCE

HND / First Degree
Postgraduate
Marital Status Single
Married

Total

Source: Researchers’ Computation, 2026.

4.2. Cognitive Heuristic Bias and Investment
Decision Quality

In Table 4, the chi-square result summary for the various
cognitive heuristic bias levels against their respective invest-
ment decision quality is visualized. The result explains that
71.4% of those categorized under the low heuristic bias made

Frequency Percentage (%)
69 57.5
51 425
6 5.0
51 425
51 42.5
9 7.5

3 2.5

3 2.5
15 12.5
12 10.0
81 67.5
9 7.5
63 52.5
57 47.5
120 100.0

poor investment decisions while those classified in the mod-
erate heuristic bias had 56.5% of them with poor investment
decisions. However, all respondents under the category of
high heuristic bias made beneficial investment decisions. The
Table presented a high overall chi-square value (y*> = 34.173,
df =2, p <0.001), asserting that there is a strong and statisti-
cally significant association between heuristic intensity and
investment decision quality.

Table 4. Cross-Tabulation: Cognitive Heuristic Bias and Investment Decision Quality.

Heuristic Bias Level  Poor Decision F (%)

Low 15 (71.4) 6 (28.6)

Beneficial Decision F (%)

Total F (%) e df p-value

21 (100.0) 34.173%*** 2 <0.001
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Heuristic Bias Level  Poor Decision F (%)

Moderate 39 (56.5) 30 (43.5)
High 0(0.0) 30 (100.0)
Total 54 (45.0) 66 (55.0)

Note: *** p <0.001. Source: Researchers’ Computation, 2026.

4.3. Perceived Risk-Outcome Distortion and
Investment Decision Quality

The study also measures the perceived risk-outcome distor-
tion and how it impacts the quality of investment decision
made by the respondents. Table 5 provides a summary and it

Beneficial Decision F (%)

Total F (%) e df p-value

69 (100.0)
30 (100.0)
120 (100.0)

shows that about 85.7% of those in the low distortion levels
made poor decisions while 45.7% among the moderate distor-
tion group made poor decisions. This percentage was reduced
to 11.1% with those with high distortion. The chi-square value,
once again, presented a high and significant value (}2 =
26.614,df =2, p <0.001), and this confirms that the risk-out-
come distortion intensity has a significant relationship with
the quality of investment decision.

Table 5. Cross-Tabulation: Perceived Risk-Outcome Distortion and Investment Decision Quality.

Risk-Outcome Distortion Level  Poor Decision F (%)  Beneficial Decision F (%) Total F (%) »* df p-value
Low 18 (85.7) 3(14.3) 21 (100.0) 26.614%** 2 <0.001
Moderate 33 (45.8) 39 (54.2) 72 (100.0)

High 3(11.1) 24 (88.9) 27 (100.0)

Total 54 (45.0) 66 (55.0) 120 (100.0)

Note: *** p <0.001. Source: Researchers’ Computation, 2026.

4.4. Test of Hypotheses

Hypothesis 1: Cognitive heuristic bias has no significant in-
fluence on investment decision quality.

The regression analysis is employed to test the first hypoth-
esis of the study. In Table 6, a summary of the regression out-
put is presented and it is reported that cognitive heuristic bias
has a positive (0.54) and strongly significant (p < 0.001) in-

fluence on the investment decision quality of customers of in-
vestment banks in the selected study area. The stated model
was found to account for about 29% of the total variation ex-
perienced in investment decision quality (R2 = 0.29), and the
ANOVA test for the joint influence and model significance
(F(1, 118) =49.149, p < 0.001), shows that the result is statis-
tically significant. Consequently, Hypothesis 1 is rejected.
Thus, cognitive heuristic bias has a positive and significant
influence on investment decision quality among customers of
investment banks in Nigeria.

Table 6. OLS Regression: Cognitive Heuristic Bias Predicting Investment Decision Quality.

Predictor B SEB B t

Cognitive Heuristic Bias 041 0.06 0.54 7.01

P

<0.001

95% CI R R Adj. R* F

49.15%
*k

[0.29, 0.52] 0.54 0.29 0.29

Note: *** p <0.001; B = Unstandardised beta; = Standardised beta; SE B = Standard error of B.

Note: *** p <0.001. Source: Researchers’ Computation, 2026.
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Hypothesis 2: Perceived risk-outcome distortion has no sig-
nificant influence on investment decision quality.

Table 7 presents the regression results for Hypothesis 2.
Perceived risk-outcome distortion was also a positive and
highly significant predictor of investment decision quality (3
=0.59, t=7.84, p <0.001; 95% CI [0.69, 1.15]), explaining
34% of variance in the outcome variable (R? = 0.34; F(1, 118)

= 61.528, p < 0.001). Hypothesis 2 is therefore also rejected.
The result indicates that the larger effect size for perceived
risk-outcome distortion (f = 0.59) in comparison with cogni-
tive heuristic bias ( = 0.54) implies that subjective risk fram-
ing might produce a marginally stronger effect on the quality
of investment decision more than reliance on cognitive
shortcuts.

Table 7. OLS Regression: Perceived Risk-Outcome Distortion Predicting Investment Decision Quality (N = 120).

Predictor B SE B

B t

Perceived Risk-

Outcome Distortion 0.92

0.12 0.59 7.84

p

<0.001

95% CI R R? Adj.R*> F

[0.69, 1.15] 0.59 034 0.34 61.53***

Note: *** p < 0.001; B = Unstandardised beta; p = Standardised beta; SE B = Standard error of B.

Note: *** p <0.001. Source: Researchers’ Computation, 2026.

4.5. Discussion of Findings

The positive and significant relationship between cognitive
heuristic bias and beneficial investment outcomes (f = 0.54, p
< 0.001; R? = 0.29) represents perhaps the most theoretically
provocative finding of this study. Classical and neoclassical
finance theory, grounded in the EMH and expected utility
maximization, would predict that heavier reliance on heuris-
tics should be associated with worse, not better, investment
outcomes, since heuristics by definition depart from fully ra-
tional information processing. The evidence presented here
challenges this prediction and aligns instead with the adaptive
markets’ hypothesis [32], which argues that the survival value
of behavioural heuristics depends on the environment in
which they are deployed. In information-rich, liquid, and pro-
fessionally intermediated markets, heuristics such as anchor-
ing and availability bias may indeed produce suboptimal out-
comes by generating anchoring errors and availability-driven
overreactions. However, within the context of a semi-urban
region like Akoko South West in Ondo State, which is char-
acterized by limited financial literacy, reduced information
symmetry, especially between banks and their customers, and
an informal social network for the transmission of investment
intelligence, heuristics may be considered as the most signifi-
cantly effective information processing tactic.

The findings of this study are considered to be in line with
the findings of [56, 60] who acknowledged that heuristics are
legitimate ways to solve complex decisions in real-world con-
texts. This also corroborates the evidence from sub-Saharan
Africa that the investment heuristics based on experience and
peers perform better than formally developed strategies for in-
vestors with low financial literacy [1, 29]. From a practical
perspective, this finding implies that investment banks in
semi-urban Nigeria should not seek to eliminate heuristic-
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based decision-making, but rather, design their advisory ser-
vices and product communications in a way that aligns with
and reinforces their clients’ existing heuristic models.

The finding that perceived risk-outcome distortion posi-
tively predicts investment decision quality (B =0.59, p <0.001;
R?=0.34) is equally counter-intuitive from a classical finance
perspective but theoretically coherent within the behavioural
finance framework. Prospect Theory predicts that risk-out-
come distortions are universal features of human choice under
uncertainty, not pathological deviations [25]. The key insight
is that the impact of distortion on outcomes depends critically
on its direction and magnitude.

In this study, it is discovered that investors who have a
higher perceived risk-outcome bias, that is, those who system-
atically overestimate the probability of negative outcomes rel-
ative to objective evidence, seem to make more advantageous
investment decisions. This can be plausibly explained by a
precautionary deliberation effect which makes investors more
sensitive to risk and therefore more rigorous in their evalua-
tion of investment alternatives and less prone to impulsive en-
try into speculative positions and more inclined to prefer cap-
ital preservation strategies. Capital preservation is not irra-
tional in volatile inflation-prone environments like Nigeria.
Thus, it is often the dominant performance criterion over
short- and medium-term investment horizons [7].

This finding also has important implications for risk com-
munication strategies of investment banks. The standard fi-
nancial advice in developed markets is to overcome loss aver-
sion and to convince customers to take on higher risks for
higher expected returns. In semi-urban Nigeria, this approach
can backfire as risk-aware investors there may do well pre-
cisely because their heightened awareness of risk fosters the
caution needed in volatile market phases. Investment banks
should therefore develop risk communication strategies that
foster rather than dampen risk awareness and adjust their


http://www.sciencepg.com/journal/ijafrm

International Journal of Accounting, Finance and Risk Management

http://www.sciencepg.com/journal/ijafrm

product offerings to the risk-aware investment strategies of
their customers in semi-urban Nigeria.

5. Summary and Conclusion

The research looked at the influence of behavioural finance,
specifically cognitive heuristic bias and perceived risk-out-
come distortions, on the investment decision quality of cus-
tomers of selected investment banks in Akoko South-West
area of Ondo State. The study provides evidence from the se-
lection of 120 investment bank customers who are active and
have done one or more transactions in the stock market within
the past five years (2020 — 2025). The data obtained from
these respondents through a well-structured questionnaire was
tested using the combination of descriptive statistics, chi-
square, and regression analysis. It was found that cognitive
heuristic bias is a positive and significant predictor of invest-
ment decision quality and it explains at least, 29% of the total
observed variation in investment decision quality. This report
places strong challenge on the conventional assumption of
heuristic reliance as being detrimental to beneficial decision-
making strategy. It was also found that perceived risk-out-
come distortion even provides a higher predictive attribute of
investment decision quality; this is contrary to the classical
expectations. The classical expectations assume that investors
that show heightened sensitivity to risk tend to become more
incautious, uncalculated, and ultimately have an unbeneficial
investment choice but this result contradicts the assumption.
It was equally found that these behavioural dynamics have
significant systemic impacts on investment banks, by influ-
encing their stability and performance and linking it to the
psychological realities of their customers, especially with cus-
tomers in semi-urban regions like Akoko South-West.

6. Limitations and Future Scope

Although, this research provides important evidence on the
relationship between cognitive heuristic bias and perceived
risk-outcome distortion on the investment strategy and deci-
sion of selected investment banks’ customers in rural Nigeria,
its findings are interpreted with some limitations. First, the
study is limited to a rural area in Ondo state, Nigeria where
their investment behavioural pattern might be significantly
different from major cities in Nigeria such as Lagos, Port Har-
court, or Abuja. This limits the findings to investment banks
in rural areas. Also, the sampling technique employed in the
study limits the probability of all eligible investment bank cus-
tomers because bank customers who were not available as at
the period of collecting responses are ignored. Third, cogni-
tive heuristic bias and perceived risk-outcome distortions are
only parts of what determine the investment decision quality
of investors. The study ignored other variables including fi-
nancial literacy, income, past investment experiences, access
to financial advice, and so on.
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Further studies can be done by expanding the geographical
scope and also comparing what is obtainable in rural areas to
urban centres. Researchers could also employ larger sample
or longitudinal studies to determine how investors’ cognitive
biases, risk perceptions, and investment choices deviate in dif-
ferent market periods, characterized by policy changes.
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