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Abstract

The increasing adoption of digital technologies has transformed strategic decision-making processes in modern organizations.
Data-driven decision practices enable managers to utilize organizational data, analytics tools, and evidence-based insights to
improve decision quality, reduce uncertainty, and enhance organizational effectiveness. The study titled “Strategic Decision-
Making in the Digital Era: Impact of Data-Driven Decision Practices on Managerial Effectiveness among Indian Managers”
examines the influence of data-driven decision practices on managerial effectiveness in the Indian organizational context. The
study focuses on how data availability, analytics usage, data interpretation capability, technology adoption, and evidence-based
decision approaches contribute to effective managerial decision-making. The study follows a quantitative research design using
a structured questionnaire for data collection. The population of the study includes middle and senior-level managers working in
Indian organizations. A sample of 400 managers from major metropolitan cities including Pune, Mumbai, Bengaluru, and Delhi
was selected using purposive convenience sampling. Primary data was collected through a five-point Likert-scale questionnaire,
while secondary data was gathered from research articles, books, and industry reports. SPSS software was used for data analysis.
Descriptive statistics were used to summarize the respondent profile and questionnaire responses, while simple linear regression
analysis was employed to test the proposed hypotheses. The findings reveal that data-driven decision practices significantly
influence managerial effectiveness by improving decision quality, strategic alignment, and problem-solving capabilities. The
study also confirms that data interpretation capability positively affects strategic decision-making effectiveness among managers.
The results highlight that successful digital transformation requires not only technological adoption but also managerial analytical
skills and organizational support. The study suggests that organizations should invest in analytics capabilities, digital training
programs, and evidence-based decision frameworks to strengthen managerial performance in the digital era.
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1. Introduction

Digital technologies have radically changed how organi-
sations operate, compete and make strategic decisions. As
businesses face uncertainty, complexity, and fierce competi-
tion, they are increasingly turning to data-driven decision-
making [31] (DDDM) to enhance the accuracy of decisions
they make, optimize operations, and boost their strategic per-
formance. Data-driven decision making is the practice of
making organizational choices based on organizational data,
analytical tools and evidence-based information, instead of
being based on intuition or experience only. With the ad-
vancement of big data, artificial intelligence (Al), business
intelligence systems and sophisticated analytics, managers
can now access real-time data, detect patterns, predict out-
comes and make better-informed strategic decisions. Organ-
izations can gain substantial competitive benefits from effec-
tive use of data analytics through better decision making and
organizational performance [20]. One of the most important
managerial functions is strategic decision making process as
it plays a vital role in defining the direction of a given organ-
ization, allocation of resources, priority for innovations and
the longterm competitiveness of the organization. Many stra-
tegic decisions were made based on the experience of man-
agement, assumptions and incomplete information, but as a
result of the digital transformation, [21] organizations have
been promoted to move away from that to evidence-based
approaches. The Big data analytics capability is designed to
make it easier for organizations to collect, process, interpret
and utilize massive amounts of structured and unstructured
information to enhance their decision-making process. In an
article, author [37] pointed out that big data analytics capa-
bilities help the firm to perform better by increasing the agil-
ity and efficiency of decision making of an organization.
Likewise, the combination of technological capabilities with
managerial skills and organizational resources is what can
allow the organization to create value from big data analytics
[23]. Digital transformation has become a strong movement
in the Indian organizational landscape across various indus-
tries—including information technology, banking, manufac-
turing, healthcare, and services—among others. [25, 38] The
use of analytics platforms, dashboards, enterprise systems,
and artificial intelligence-based tools has become common
in Indian organizations to enhance business decisions. The
study showed that organizations which have the capability
of big data analytics can help improve supply chain perfor-
mance by allowing them to effectively react to the changes
in the market [9]. But, adoption of data-driven practices must
go beyond the investment of technology. Analytical skills,
data interpretation skills and confidence in using digital in-
formation for strategic decisions are required by managers.
To bring about meaningful transformation, organisations
need to build up human capabilities as well as technological
infrastructure. One important result of practices for data-
driven decision is effective management. Good managers
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should be able to make good decisions, develop the strategy
that meets their organization's goals, be able to solve com-
plex problems, and enhance their organization's performance.
Data-driven methods help managers minimize uncertainty,
enhance forecasting power and facilitate evidence-based al-
ternative analysis. Digital initiatives for decision-making
may be constrained, however, by issues of over-information,
lack of analytical tools, reluctance to use technology and a
lack of understanding of complex data interpretation. While
big data offers great opportunities for strategic decision-
making, it is essential that organisations face cognitive chal-
lenges [19] and managerial limitations to be effective in its
implementation [22]. While there have been studies on big-
data analytics, adoption of artificial intelligence (Al), and
digital transformation (DX) impacts, few studies have stud-
ied the relationship between the impact of data-driven deci-
sion practices on managerial effectiveness through the lens
of Indian managers. Most studies in the literature focus on
organizational-level outcomes, on sector-specific applica-
tions or on technological capacities, but the individual man-
ager's part in leveraging data for strategic decision-making
needs to be explored. Hence, the purpose of this study is to
investigate the effect of Data-Driven Decision practices on
managerial effectiveness. The study helps in understanding
the role of data availability, data interpretation capabilities,
technology adoption, evidence-based decision approaches,
and use of analytics in improving the quality of decisions,
strategic alignment, and problem solving of managers in In-
dian organizations.

Theoretical Background

The study's theoretical platform is rooted in the linkage
between the data-driven decision practices and the effective-
ness of managers in the context of digital transformation.
Advancements in digital technologies, business intelligence
systems and sophisticated analytics have transformed the
way businesses make decisions. The Resource Based View
(RBV) of the firm offers a valuable theoretical lens through
which to examine how firms can achieve a competitive ad-
vantage based on valuable, rare, and hard to imitate re-
sources. Organizational resources, including knowledge,
technological capacities and analytical skills, can provide
sustainable competitive advantages when they are properly
exploited [2]. For this study, data-driven decision practices
are regarded as a strategic organizational competence that
allows managers to leverage information resources in order
to enhance the quality of decisions and performance of the
organization. The Dynamic Capabilities Theory also pro-
vides an understanding that the organizations adapt and re-
spond to the business environment by developing capabili-
ties which enable them to integrate, build and reconfigure
their resources. Organisations need to have dynamic capabil-
ities to be competitive in a world of changing environments
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[32]. The capability of data analytics can be seen as a dy-
namic capability, as it allows organisations to be sensitive to
change in the market, interpret the information and respond
appropriately with informed decisions. Managers who know
how to analyse and interpret data can recognise opportunities,
forecast issues and make decisions that are in line with or-
ganisational objectives. Thus the capacity to interpret data is
a managerial skill that is necessary in the digital age. Evi-
dence-based management is synonymous with the concept of
data-driven decision making and places a strong emphasis on
managerial decisions that are based on the best available in-
formation, organizational data, and analytical evidence. Ev-
idence-based management calls for the systematic analysis
of evidence, rather than relying solely on personal experi-
ence or intuition, for effective decisions. The importance of
evidence-based approaches, reminding decision makers to
be critical consumers of information and to use sound
knowledge to make decisions [27]. In today's business envi-
ronment, data sharing, data analysis, and technology enable
managers to minimize uncertainty, enhance predictive per-
formance, and make the right strategic decisions. In addition
to this, there is the theory of Big data Analytics that helps to
understand the role of analytics in strategic decision making.
By using big data analytics, organizations can process large
volumes of structured and unstructured information to get
meaningful insights that can guide them. The capability of
big data analytics can add value to the firm performance, as
it can enhance organizational agility and decision making ef-
fectiveness [37]. Likewise, big data analytics is valuable for
organizations when technological resources are integrated
with managerial skills and organizational processes [23].
This means that the technology isn't enough, managers need
to have the skills necessary to analyze the information and
provide insight on how to apply it properly.

Effectiveness of the managers is also an important theo-
retical construct in this study. A good manager should be
able to make good decisions, solve organisational issues,
harmonise the actions with strategic goals and enhance over-
all performance. Drucker (1967) noted that making right de-
cisions, setting priorities, and realizing goals of an organiza-
tion is essential to effective management. [6] Managers' ef-
fectiveness in the digital era relies increasingly on the ability
to integrate analytical information with human judgment.
Data-driven decision practices are a way to increase manage-
ment efficiency, as they bring accurate information, increase
decision confidence and enable decisions to be aligned with
strategy.

Technology Acceptance Model (TAM) can be used to ex-
plain the relationship between technology adoption and man-
agerial effectiveness [5]. According to TAM users' acceptance
and use depend on perceived usefulness and perceived ease of
use. For organizational managers, the use of analytical tools is
more likely to occur when they believe that the technology
will increase the efficacy and efficiency of decision-making.
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Thus, technology use is a crucial aspect of data-informed de-
cision processes.

Theoretically, the present study suggests that the data-
driven decision practices (such as the usage of analytics, avail-
ability of data, interpretation capacity, technology adoption,
and evidence-based decision approaches) are positively re-
lated to managerial effectiveness. The study assumes that
managers who can effectively use organizational data are
more likely to make strategic decisions, more likely to be able
to deal with complex problems and more likely to achieve or-
ganizational goals. This research, by combining RBV, Dy-
namic Capabilities Theory, Evidence Based Management, Big
Data Analytics Capability and Technology Acceptance Model,
offers a comprehensive framework for the study of the impact
of data-driven practices on managerial effectiveness for man-
agers in India in digital era.

2. Literature Review

2.1. Literature

The research literature all discuss data-driven technologies
and their transformative role on strategic decision-making and
managerial effectiveness, particularly in Indian organizational
settings. The findings of these studies indicate a positive trend
in the value created by digital transformation projects and the
issues and problems in its implementation.

2.1.1. Data-Driven Decision Making and Artificial
Intelligence

There have been several studies that show that data-driven
decision making has a significant impact on managerial deci-
sion making. The researchers did a thorough examination of
150 IT managers in India, and they found that Al-powered
business intelligence ( = 0.238, p < 0.001), process automa-
tion (f =0.124, p =0.002), and strategic innovation (§ = 0.289,
p < 0.001) had significant positive impacts on decision-mak-
ing efficiency [34]. Likewise, the capability with Big Data
Analytics is positively associated with the Quality of Decision
Making based on Data [1]. The ability of Al-driven method-
ologies to systematically reduce cognitive bias in executive
decision-making [33], whereas the use of information visual-
ization to enhance the quality and speed of decision-making
in different fields [10].

2.1.2. Indian Manufacturing and Organizational
Context

A case for the transformation benefits of data-driven change
is compellingly demonstrated in the Indian business environ-
ment. A landmark field experiment with Indian textile compa-
nies demonstrated that adopting modern management tech-
niques that included the collection and analysis of data
boosted productivity by 11% and allowed more delegation to
middle managers [3]. In several studies, have shown that big
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data analytics and Al capabilities improve operational perfor-
mance, supply chain resilience and sustainability results in In-
dian manufacturing organizations [7-9, 11, 26]. A study on
well-known companies in India like HDFC Bank, Amazon In-
dia, and Reliance Retail, discovered that integration of infor-
mation systems fostered operational efficiency and intelli-
gence based on information [16].

2.1.3. Digital Transformation Challenges and
Implementation

Even though the research shows positive results, there are
very high risk factors to overcome in order to be successful
with digital transformation. Author pointed out the problems
of cognitive biases, cognitive overload and board cohesion
when implementing big data initiatives [22]. Beyond the ques-
tion and answer format, suggested a systematic strategy to
solve common dilemmas that managers may encounter during
digital transformation instead of responding to the question ad
hoc with the use of technology [13]. Authors spoke to 23 sen-
ior managers spearheading digital transformation initiatives,
and found four actions that are key: driving business change,
mastering fluid organisational structures, managing talent
complexity and prioritising learning [12].

2.1.4. Sector-Specific Applications and Performance
Outcomes

The papers illustrate how data-driven decision making can
be helpful in various sectors. A research revealed that big data
quality has a significant impact on HR practices and service
quality in Indian SMEs [35]. Big Data applications have also
been examined in the Indian agricultural context, highlighting
opportunities and challenges in transforming agricultural
practices from field to plate [28]. In an investigation on finan-
cial decision making in the Delhi/NCR region researcher con-
cluded that the digital financial literacy positively and nega-
tively had a direct and indirect relationship with the improved
financial decision making [17]. A research emphasized in
manufacturing settings that data-driven approaches help make
predictive maintenance and intelligent manufacturing deci-
sions [18, 4]. Authora explicitly studied the manufacturing
companies of India, which shows the value of big data analyt-
ics in sustainable manufacturing practices.

2.1.5. Theoretical Foundations and Organizational
Capabilities

There are several studies that have their findings based on
existing theories. A research explored strategic decision mak-
ing from the Resource Based View and Resource Dependence
Theory perspectives [24], and research work explained the in-
tegration of big data in increasing sustainable capabilities
through the lens of Dynamic capabilities theory [30]. This
study, shows the economic sustainability and social value of
adopting digital technology for Indian SMEs by employing
the theories of resource-based view and dynamic capability
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theories [36].

2.1.6. Implementation Barriers and Success Factors

Technological and organizational obstacles to effective im-
plementation are always identified as a central problem in the
research. The study on “Barriers in IoT adoption in Indian
smart cities” [14] revealed that “Internet connectivity, lack of
regulations and standardization” are major barriers to the
adoption of 10T in smart cities [29, 30]. Author have identified
25 barriers for implementing green manufacturing in the In-
dian SMEs and lack of R&D is the most critical one [15]. But
to achieve successful implementations, there need to be a con-
vergence of IT capability with cultures that promote innova-
tion, and appropriate leadership approaches [16].

2.1.7. Future Directions and Implications

The overall results indicate that although data-driven deci-
sion practices are important to improve managerial effective-
ness, they need to overcome informational barriers, informa-
tional literacy development, management trust on technology,
and structural/cultural resistance. The research highlights the
significance of human-Al collaboration and the necessity for
organizations to cultivate complementary capabilities along-
side technological investments. The lessons learned from
these insights can be valuable for managers looking for ways
to make use of data-driven approaches to better inform strate-
gic decision making in the digital era.

2.2. Research Gap

This is underscored by the existing literature, which shows
that data-driven technologies, Al, and analytics capabilities
positively impact strategic decision making and organiza-
tional performance. There are some research gaps however.
The existing literature mainly concerns specific areas like
manufacturing, information technology, banking and small
and medium enterprises, thus, narrows the scope of
knowledge of data-driven decision practices in various organ-
izational settings. Technological capability is explored in the
research, but little consideration is paid to the interpretation,
adoption, and use of data to enhance managerial effectiveness.
Current research has focused on the performance outcomes of
the organization, but there is not much empirical research that
has examined the link between data-based decision making
and managerial effectiveness at the individual managerial
level. Moreover, issues of digital literacy, cognitive bias and
technology acceptance, and human-Al collaboration merit
further exploration. The quantitative studies of Indian manag-
ers' perceptions on data availability, analytical capacity, evi-
dence-based decision making approaches, and its effect on de-
cision quality and strategic alignment have been limited in ex-
tent. Hence this study is focusing these gaps to study the im-
pact of data-driven decision making practices on managerial
effectiveness among the Indian managers.
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3. Methodology

3.1. Objectives

To understand the role of data-driven decision practices in
strategic decision-making among Indian managers.

To analyse the impact of data-driven decision practices on
managerial effectiveness in Indian organizations.

To suggest strategies for improving data-driven decision
practices for effective managerial decision-making.

3.2. Hypotheses

HO01: Data-driven decision practices do not have a signifi-
cant impact on managerial effectiveness among Indian man-
agers.

Hal: Data-driven decision practices have a significant pos-
itive impact on managerial effectiveness among Indian man-
agers.

H02: Data interpretation capability does not have a signifi-
cant influence on strategic decision-making effectiveness
among Indian managers.

Ha2: Data interpretation capability has a significant posi-
tive influence on strategic decision-making effectiveness
among Indian managers.

3.3. Research Problem

The increasing adoption of data-driven technologies has
transformed strategic decision-making processes in organiza-
tions; however, the extent to which data-driven decision prac-
tices improve managerial effectiveness remains insufficiently
explored. Existing research largely focuses on technological
capabilities and organizational performance outcomes, with
limited attention to how managers utilize data availability, an-
alytical capabilities, and evidence-based approaches for effec-
tive decision-making. Therefore, this study addresses the need
to examine the influence of data-driven decision practices on
managerial effectiveness among Indian managers in the digi-
tal era.

3.4. Research Questions

How do data-driven decision practices influence strategic
decision-making among Indian managers?

What is the impact of data-driven decision practices on
managerial effectiveness in Indian organizations?

What strategies can be suggested for improving data-driven
decision practices to enhance managerial decision-making ef-
fectiveness?

3.5. Research Methodology

The present study adopts a quantitative research design to
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examine the impact of data-driven decision practices on man-
agerial effectiveness among Indian managers. A structured
questionnaire will be used as the primary research instrument
to collect data from respondents. The questionnaire will con-
sist of demographic questions and statements based on the
identified variables, including data-driven decision practices,
data availability, analytics usage, data interpretation capabil-
ity, technology adoption, evidence-based decision approach,
and managerial effectiveness. A five-point Likert scale rang-
ing from 1 (Strongly Disagree) to 5 (Strongly Agree) will be
used to measure the responses of participants.

The population of the study includes middle and senior-
level managers working in Indian organizations across differ-
ent sectors such as IT, banking, manufacturing, consulting,
healthcare, retail, and services. The study focuses on manag-
ers who are involved in organizational planning, strategic de-
cision-making, problem-solving, and performance-related ac-
tivities. The sample size of the study is 400 respondents ob-
tained by Cochran's sample size formula for large population
to provide adequate representation and statistical reliability.
The respondents are drawn from the major metros of India
which include Pune, Mumbai, Bengaluru, and Delhi, which
are important business and technology hubs and the adoption
of digital transformation practices.

Applying purposive convenience sampling in the study.
The purposive sampling is used due to the research needs re-
spondents that have managerial roles and have interaction
with the organizational decision-making process, as well as
with data-based practices. Convenience sampling is employed
because the managerial respondents are easily accessible and
available across different organizations. This sampling
method is appropriate for obtaining relevant feedback from in-
dividuals who have hands-on experience in data-driven deci-
sion-making environments.

The collected data were analysed using SPSS software. De-
scriptive statistics, including frequencies, percentages, and
mean scores, were used to present the demographic profile and
summarize the questionnaire responses. Cronbach’s alpha was
used to assess the internal consistency of the multi-item scales.
Simple linear regression analysis was employed to test both
hypotheses. The first regression model examined the influence
of data-driven decision practices on managerial effectiveness,
while the second regression model examined the influence of
data interpretation capability on strategic decision-making ef-
fectiveness. The internal consistency of the multi-item scales
was assessed using Cronbach’s alpha. The Cronbach’s alpha
coefficient was a = 0.72 for data-driven decision practices, o
=0.81 for managerial effectiveness, o = 0.77 for data interpre-
tation capability, and o =0.83 for strategic decision-making
effectiveness. These results demonstrated that the measure-
ment scales possessed very good internal consistency and
were suitable for subsequent statistical analysis. The complete
measurement instrument, including the items used for all in-
dependent and dependent variables, is presented in Appendix
A
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4. Analysis and Discussion

The collected data were analysed to examine the relation-
ship between data-driven decision practices and managerial
effectiveness among Indian managers. SPSS software was

4.1. Data Analysis

4.1.1. Demographic Information

Demographic Factor

Gender

Total

Age

Total

Educational Qualification

Total

Designation Level

Total

Industry Sector

Total

used to analyse the demographic characteristics of respond-
ents, summarize questionnaire responses, assess scale reliabil-
ity, and test the hypotheses. Descriptive statistics and simple
linear regression analysis were used to examine the influence
of data-driven decision practices and data interpretation capa-
bility on the respective outcome variables.

Table 1. Demographic Profile of Respondents.

Category

Male
Female

Prefer not to say

25-34 years
35-44 years
45-54 years

Above 54 years

Graduate
Postgraduate
Professional Certification

Doctorate / Other

Manager
Senior Manager
Department Head

Business / Functional Head

Information Technology
Banking & Financial Services
Manufacturing

Consulting & Services

Healthcare / Retail / Others
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Frequency Percentage
224 56.00%
170 42.50%
6 1.50%
400 100.00%
156 39.00%
128 32.00%
82 20.50%
34 8.50%
400 100.00%
116 29.00%
184 46.00%
68 17.00%
32 8.00%
400 100.00%
186 46.50%
132 33.00%
58 14.50%
24 6.00%
400 100.00%
118 29.50%
76 19.00%
84 21.00%
68 17.00%
54 13.50%
400 100.00%
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The demographic profile of 400 respondents shows that most
of the respondents were male (56%) managers, with female
(42.5%) managers making up the majority of the sample. The
age distribution indicated that the majority of the respondents
were of the age group 25-34 years (39%) and 35-44 years (32%)
which was an experienced age of managerial professionals. Ed-
ucationally, the largest group of respondents were postgraduate
(46%) indicating a professionally qualified sample. In terms of

designation, managers were the highest (46.5%) followed
closely by senior managers (33%) to ensure that those with de-
cision making responsibilities were represented. The respond-
ents were spread across various sectors with the Information
Technology (29.5%) and Manufacturing (21%) being the prom-
inent ones. In general, the sample reveals a variety of manage-
rial views from organizations with high degrees of digitization.

4.1.2. Data-driven Decision Practices and Its Impact on Managerial Effectiveness Among Indian Managers

Table 2. Response Analysis for the Impact of Data-Driven Decision Practices on Managerial Effectiveness.

Questionnaire Items

Auvailability of organizational data helps me make more effective managerial decisions.
Use of analytics and reports improves the quality of my strategic decisions.

Data-driven approaches help me identify and solve organizational problems effectively.
Digital tools and technology platforms enhance my decision-making efficiency.

Evidence-based decision-making improves alignment between decisions and

organizational goals.

Scale

1 2 3 4 5 Mean
14 22 56 162 146 4.01
12 20 48 168 152 4.07
10 24 54 166 146  4.04
15 23 58 160 144  3.99
11 21 52 170 146  4.05

Scale Used: 1 = Strongly Disagree, 2 = Disagree, 3 = Neutral, 4 = Agree, 5 = Strongly Agree

Managers see data-driven decision practices as an im-
portant contributor to managerial effectiveness, as evidenced
by the responses. For all items of the questionnaire, the mean

value is more than 3.90, indicating the respondents' agreement.

Analytics and reports to enhance the quality of strategic deci-
sions (4.07) and evidence-based decision-making to enhance

organizational alignment (4.05) had the highest mean value. It
was also confirmed that the availability of data, problem solv-
ing and digital tools contribute to efficient management. The
overall response pattern supports the alternate hypothesis, that
data-driven practices help to improve the quality of decision
making, strategic alignment and organizational effectiveness.

4.1.3. Influence of Data Interpretation Capability on Strategic Decision-Making Effectiveness

Table 3. Response Analysis for the Influence of Data Interpretation Capability on Strategic Decision-Making Effectiveness.

Questionnaire Items

My ability to interpret organizational data improves strategic decision-making.

Understanding business analytics helps me evaluate alternative decisions effectively.
Analytical skills enable me to identify trends and future business opportunities.

Data interpretation capability helps reduce uncertainty while making strategic decisions.

Ability to analyse data improves confidence in managerial decision-making.

Scale

1 2 3 4 5 Mean
10 18 50 170 152 4.09
12 21 54 164 149 4.04
11 20 48 168 153 4.08
14 22 56 162 146 4,01
9 19 51 171 150 4.09

Scale Used: 1 = Strongly Disagree, 2 = Disagree, 3 = Neutral, 4 = Agree, 5 = Strongly Agree
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The results indicate that respondents perceived data inter-
pretation capability as important for strategic decision-making
effectiveness. All the statements recorded mean scores above
4.00, indicating a high level of agreement among managers.
The statements concerning the improvement of strategic deci-
sion-making through data interpretation and greater confi-
dence in managerial decision-making recorded the joint-high-
est mean score of 4.09. Respondents also agreed that analyti-
cal skills helped them evaluate alternatives, identify trends
and opportunities, and reduce uncertainty. Overall, the find-

ings indicate that stronger data interpretation capability is as-
sociated with more effective strategic decision-making.

4.2. Hypotheses Testing

4.2.1. Hypothesis 1

HO1: Data-driven decision practices do not have a significant
impact on managerial effectiveness among Indian managers.

Hal: Data-driven decision practices have a significant positive
impact on managerial effectiveness among Indian managers.

Table 4. Model Summary for the Impact of Data-Driven Decision Practices on Managerial Effectiveness.

Model Summary

Model
R R Square Adjusted R Square Std. Error of the Estimate
1 0.781 0.610 0.609 0.386
Table 5. ANOVA for the Impact of Data-Driven Decision Practices on Managerial Effectiveness.
ANOVA
Model
Sum of Squares df Mean Square F Sig.
Regression 92.846 1 92.846 622.931 0.000
Residual 59.354 398 0.149
Total 152.200 399
Table 6. Coefficients for the Impact of Data-Driven Decision Practices on Managerial Effectiveness.
Coefficients
Model
B Std. Error Beta t Sig.
Constant 0.714 0.128 5.578 0.000
Data-Driven Decision Practices 0.812 0.033 0.781 24.958 0.000

The regression analysis demonstrated that data-driven deci-
sion practices had a significant positive impact on managerial
effectiveness. The model showed a strong positive relation-
ship, with R =0.781. The R=value of 0.610 indicated that data-
driven decision practices explained 61.0% of the variance in
managerial effectiveness. The regression model was statisti-
cally significant, F(1, 398) = 622.931, p < 0.001. The positive
standardized coefficient confirmed that higher levels of data-
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driven decision practices were associated with greater mana-
gerial effectiveness. Therefore, the null hypothesis was re-
jected and the alternative hypothesis was supported.

Result: Alternate hypothesis accepted.

4.2.2. Hypothesis 2

HO02: Data interpretation capability does not have a signifi-
cant influence on strategic decision-making effectiveness
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among Indian managers. influence on strategic decision-making effectiveness among In-
Ha2: Data interpretation capability has a significant positive  dian managers.

Table 7. Model Summary for the Influence of Data Interpretation Capability on Strategic Decision-Making Effectiveness.

Model Summary

Model
R R Square Adjusted R Square Std. Error of the Estimate
1 0.726 0.527 0.526 0.421
Table 8. ANOVA for the Influence of Data Interpretation Capability on Strategic Decision-Making Effectiveness.
ANOVA
Model
Sum of Squares df Mean Square F Sig.
Regression 78.632 1 78.632 443.241 0.000
Residual 70.568 398 0.177
Total 149.200 399
Table 9. Coefficients for the Influence of Data Interpretation Capability on Strategic Decision-Making Effectiveness.
Coefficients
Model
B Std. Error Beta t Sig.
Constant 0.892 0.142 6.282 0.000
Data Interpretation Capability 0.756 0.036 0.726 21.053 0.000

The regression analysis showed that data interpretation capa- a significant positive effect on managerial effectiveness, sug-
bility had a significant positive influence on strategic decision-  gesting that using data to make decisions is a valuable way to
making effectiveness. The model demonstrated a strong positive  enhance the quality of decisions and the performance of the
relationship, with R = 0.726. The R=value of 0.527 indicated that ~ organization.
data interpretation capability explained 52.7% of the variance in The fact that data is available, analytics tools are used, tech-
strategic decision-making effectiveness. The regression model nology is implemented, and evidence-based decision ap-
was statistically significant, F(1, 398) = 443.241, p < 0.001. The  proaches are taken into account are all major factors in im-
positive standardized coefficient indicated that stronger data in-  proved managerial decision-making.

terpretation capability was associated with greater strategic deci- The results of regression analysis show that data-driven de-

sion-making effectiveness. Therefore, the null hypothesiswasre-  cision practices account for a significant amount of variance

jected and the alternative hypothesis was supported. in managerial effectiveness, highlighting the relevance of dig-
Result: Alternate hypothesis accepted. ital decision capabilities in today's context.

The data interpretation ability plays a vital role in the effec-
tive strategic decision making process, which means that those

S. Flndlngs and Conclusions managers who are more capable of data interpretation make
effective and correct decisions.
5.1. Findings The study points out that managerial analytical capability,

The findings reveal that data-driven decision practices have
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digital skills, and organizational support in addition to techno-
logical adoption are needed for successful data-driven deci-
sion-making. [31]

5.2. Conclusion

It is concluded that data-driven decision practices are cur-
rently an important skill to enable managerial effectiveness in
modern organizations. The study was designed to gain insight
into the role played by data-driven decision practices, analyse
their effect on managerial effectiveness, and offer an insight
into how to improve data-based decision-making approaches.
The results show that managers who successfully leverage or-
ganizational data, analytical tools, and digital technologies
and evidence-based approaches possess better decision qual-
ity, strategic alignment, and problem-solving skills. The re-
gression results are in accordance with the hypothesis, data-
driven practices are significantly affected managerial effec-
tiveness, and data interpretation is affected managerial effec-
tiveness in making strategic decisions. Technologies are not
enough for the success of digital transformation; managerial
analytical ability, skills to interpret data, and organizational
support are equally crucial. Data literacy is the ability to use
data to guide the decision-making process in an organization
to improve strategic results and outcomes. Data literacy for
management is the capacity to use data to inform management
decision making to reach better management outcomes and re-
sults in the fast changing digital business world. Thus, struc-
tured, data-driven practices can help Indian organizations
achieve more accuracy in decisions, minimize uncertainty,
and make better managerial decisions.

5.3. Suggessions

Creating a data-driven culture requires having data easily
available, providing resources to accommodate analytics systems,
and providing management with resources to make decisions
based on data. Training courses need to be offered regularly to
enhance the skills of managers to analyse data, think analytically
and be more confident in using digital tools. There should also be
incentives for management teams and technology teams to col-
laborate in order to make the best use of the data resources.

When making critical decisions managers should, apply the
balance of analysis, experience and human judgment. Struc-
tured decision-making frameworks, data quality management
enhancement and continuous learning on new technologies
like Al, business analytics should be adopted by an organiza-
tion. Digital transformation is more than just a technological
journey; it's also a process of developing employee skills and
understanding, preparing organizations for the transition, and
building a culture that embraces data-driven decision-making.

5.4. Limitations

There were some limitations of the study. The 400 manag-
ers may not necessarily be representative of the experiences
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and perspectives of all managers from different organisations
in India. However, the findings may not be relevant to man-
agers from smaller cities and rural areas as respondents were
drawn from metros such as Pune, Mumbai, Bengaluru, and
Delhi. Data collection is achieved by the use of a structured
questionnaire, with the answers potentially open to response
bias, socially desirable responses and perceptions of the par-
ticipants. Secondly, the study is a cross-sectional study, and
the practice of data-based decision-making was only sampled
at one point in time, thus limiting the conclusions that can be
drawn from the evolution of this practice. Some other factors
are not examined in detail in the study, but selected variables
are examined such as data-driven decision practices, data in-
terpretation capacity and managerial effectiveness.

5.5. Significance

The study is important because it has identified how data
can be used to enhance managerial decision making skills. The
study adds to the academic understanding of the correlative
relationship among data availability and data analytics usage,
data interpretation skills and managerial effectiveness in the
organizational context in India. If you are in the industry, the
results provide insight into the way you can use data analytics
and digital tools to enhance the quality of the decisions you
make, to align your decisions with your strategy and to be
more effective and efficient in your problem solving. The
study also helps organizations to develop training on analyti-
cal skill, digital competency and evidence-based decision
making. The study highlights the importance of backing digi-
tal transformation efforts and developing organizational ca-
pacity in order to successfully implement technology. The re-
search is used as a starting point for further research in the
field of strategic management, analysis and digital transfor-
mation.

5.6. Future Scope of the Study

Larger and more diversified sample of managers from di-
verse regions, sizes and industry sectors of India can be in-
cluded in future research. Comparing practices across differ-
ent industries, like IT, manufacturing, banking, healthcare,
and retail, can yield more insightful data into the differences
in data-based decision-making practices that exist between
these industries. Longitudinal research designs might be used
in future research to investigate the changes in managerial ef-
fectiveness over time, when they become more digital and
more effective with analytics techniques. Other factors can
also be included in more detail, such as Al usage, organisa-
tional culture, leadership, digital competency of employees,
data trust, and innovation orientation. Qualitative understand-
ing of the managerial experiences, challenges and opportuni-
ties of data-based decision making can be gained through in-
terviews and case studies. Structural Equation Modeling
(SEM) and machine learning techniques can also be employed
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for an in-depth analysis.

Abbreviations

Al Artificial Intelligence

ANOVA  Analysis of Variance

BDA Big Data Analytics

BI Business Intelligence

DDDM Data-Driven Decision-Making

DDDP Data-Driven Decision Practices

DiC Data Interpretation Capability

DX Digital Transformation

EBM Evidence-Based Management

IT Information Technology

ME Managerial Effectiveness

RBV Resource-Based View

SDME Strategic Decision-Making Effectiveness

SPSS Statistical Package for the Social Sciences

TAM Technology Acceptance Model

BDC Big Data Analytics Capability

HR Human Resources

SMEs Small and Medium Enterprises

R Correlation Coefficient

R? Coefficient of Determination

i Beta Coefficient

Sig. Significance Level

df Degrees of Freedom

SD Standard Deviation

SEM Structural Equation Modelling (if used)

KPI Key Performance Indicator (if mentioned in
discussion)

ML Machine Learning (if mentioned with Al
analytics)
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