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Abstract: The detection of estrus in large-scale ranch is an extremely labor-intensive task. Accurate and efficient detection can
shorten the tires spacing of cow and increase economic income of ranch.The change in activity is one of the most important
external features of dairy cows' estrus.In this paper, the activity of cows was collected remotely using activity collectors, wireless
transmission networks and cloud servers, and the data was framed, labeled and preprocessed. The logistic regression, MLPs and
SVMs model were trained by differential activity data of current and historical dates within the same hour.The experimental
results show that the detection model by cow activity has a higher accuracy in predicting the estrus of cows. The SVMs in the
three models have the best prediction effect. The recall and accuracy rate reach 90.12% and 93.74%, respectively.In the actual
ranch test, the estrus detection system using the SVM model has more than double the exposure rate than the manual disclosure.
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